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From Laplacian to Normal

Overview: We derived cotangent weight
w;j in p, g form to compute Laplacian.
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Intersecting Shading and Laplacian Constraints

Estimating Lighting and Shape

Our approach: We use locally planar-patches to estimate lighting, and then estimate
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Laplacian preserves local curvature
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Droplet Wave ~ Wineglass Bunny Igea
Shape from Shading 417 % 2.75% 6.20 % 8.60 %
Shape from Laplacian 3.05% 3.16 % 8.51% 6.60 % )
Ours (SFLS) 0.05 % 0.23 % 0.26 % 1.58 %

Both Laplacian and shading suffer from shape ambiguity.
Combining Laplacian and shading resolves shape ambiguity and enables

shape reconstruction without priors.

Lighting can be estimated from Laplacian and shading.
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